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AUTOMATED SYSTEMS FOR IMPROVING
COMMUNICATION AT THE
HUMAN-MACHINE INTERFACE

CROSS-REFERENCE TO RELATED
APPLICATIONS

This application claims the benefit of the filings of U.S.
Provisional Patent Application Ser. No. 61/577,513, entitled
“Automated Systems for Improving Communication at the
Human-Machine Interface”, filed on Dec. 19, 2011, and the
specification thereof'is incorporated herein by reference. This
application is also related to U.S. Pat. No. 6,322,368, “Train-
ing and Testing Human Judgment of Advertising Materials”,
U.S. Pat. No. 7,169,113, “Portrayal of Human Information
Visualization”, and U.S. Pat. No. 7,151,540, “Audience
Attention and Response Evaluation”, and the specifications
and claims thereof are incorporated herein by reference.

BACKGROUND OF THE INVENTION
Field of the Invention (Technical Field)

In face-to-face communication, two human beings con-
tinuously react and adapt the content of what is being com-
municated based on the nonverbal signals displayed in the
facial expressions of the person with whom one is attempting
to communicate. For example, a salesperson will adapt his
sales pitch in mid-stream based on the emotions perceived in
the facial responses of a sales prospect reacting to the sales-
person’s pitch.

Human-machine interaction, such as watching television
or looking at the screen of a computer, smart phone or com-
puter pad or tablet, is like face-to-face communication to the
extent that the human user reads a screen much like they
would read a face, i.e. rapidly taking in information and
imagery conveying emotional content on a non-verbal level
that is highly mediated by unconscious processes in the mind.
The perceptual processes of scanning and sorting through the
visual information presented on a screen has been extensively
studied and written about in two books by Charles Young, The
Advertising Research Handbook and Branded Memory, and
is described in U.S. Pat. No. 7,151,540, Audience Attention
and Response Evaluation, and U.S. Pat. No. 8,027,906, Por-
trayal of Human Information Visualization.

The patterns and salient moments of long term, brand
building memory formation in an audience can be determined
as a mathematical function combining self-report data
regarding the peak moments of the Flow of Attention, the
Flow of Emotion and the Flow of Meaning, both for moving
and static images, which are related to the Picture Sorts tech-
nique described in the above references. Academic research
also suggests that when the movement of the eye is recorded,
e.g. with an eye-tracking camera, memory is suppressed
when the eye saccades or scans across an image, so that
memory formation is associated with moments of eye fixation
on focal points of attention. Academic research also provides
along history of how human emotions are expressed using the
musculature system of the face. As a result it has been pos-
sible to read emotional responses on the face using camera
recordings in the laboratory. Very recently it has become
possible to begin to use the cameras on internet based devices
to do eye tracking and read facial emotional response at a
distance, with algorithms developed from artificial intelli-
gence computer software.

Biometric science and neuroscience continues to identify
external, physical cues to a person’s internal states of mind
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2

based on physical expressions displayed in the musculature in
the face or in the movements of the eyes. For example,
research has shown that when the eye moves in a scanning
pattern, i.e. saccades, memory is suppressed, so that memo-
ries are more likely to be formed when the eye fixates on an
element or moment in the field of vision. As another example,
when the brain is accessing one type of memory versus
another—e.g. episodic versus semantic memory—the eye
will tend to orient is one direction over another. As a third
example, pupil dilation has been shown to be associated with
emotions, such as sexual desire, and mental effort, such as
performing deliberative tasks.

In the recent book Thinking, Fast and Slow, Daniel Kah-
neman distinguishes between memories and experiences. “A
comment | heard from a member of the audience after a
lecture illustrates the difficulty of distinguishing memories
from experiences. He told of listening raptly to a long sym-
phony on a disc that was scratched near the end, producing a
shocking sound, and he reported that the bad ending “ruined
the whole experience.” But the experience was not actually
ruined, only the memory of it. The experiencing self had had
an experience that was almost entirely good, and the bad end
could not undo it, because it had already happened. My ques-
tioner had assigned the entire episode a failing grade because
it had ended very badly, but that grade effectively ignored 40
minutes of musical bliss. Does the actual experience count for
nothing?”

Kahneman also provides a novel classification system for
grouping the mental processes involved in human decision
making. One distinction is between System 1 thinking and
System 2 thinking, which roughly corresponds to the catego-
ries of Low Involvement versus High Involvement processing
used by some advertising researchers. A second distinction is
between the Experiencer Self and the Remembered Self. By
combining these in accordance with the present invention
(seee.g. FIG. 1), it is possible to identify four distinct catego-
ries in which various communication research techniques can
be classified. Based on this classification, it can be shown that
biometric research approaches and the picture sorting tech-
nique described in Young’s works for probing the Remem-
bered Self are distinct but complementary ways of measuring
low involvement processing.

The recent widespread emergence of high quality cameras
on everyday computerized devices, such as laptop or mobile
phone cameras, has laid the groundwork for improving com-
munication at the human-machine interface by making it
possible for a computer to “read” the face and eye activity of
the user looking at its screen. To date, applications of this
technical capability have been applied to reading the location
on a screen at which the user is looking—a form of “eye-
tracking”—or for reading at a very primitive level the mus-
culature expressions on the face associated with six primary
emotions—anger, disgust, fear, joy, sadness, and surprise
(such as is described in the book Making Comics. by Scott
McCloud).

To date, no method has been devised to teach a computer
how to recognize eye movements or the patterns of facial
responses of users in order to infer other aspects of the user’s
internal states-of-mind, for example whether or not more
complex or compound emotions such as trust or confidence or
curiosity, etc., are being experienced; or the compound emo-
tions associated with the communication of certain categori-
cal meanings or ideas, such as quality or taste or security, etc;
or eye movements, facial cues and patterns of facial response
associated with processes of learning, such as recognition,
familiarity, thinking and remembering, or conversely confu-
sion or disruptions in the flow of attention or engagement, or
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other responses linked to measures of learning, entertain-
ment, or of sales and marketing effectiveness such as atten-
tion, recall, liking, communication, motivation or persuasion.

SUMMARY OF THE INVENTION

An embodiment of the present invention is a method, and a
system for practicing such method, for identitying a moment
of a presentation, the method comprising displaying a pre-
sentation to a first group of viewers, obtaining biometric data
from the first group of viewers during the displaying step,
obtaining remembered data obtained from the first group of
viewers using a method related to showing the viewers selec-
tions from the presentation after the displaying step, training
a system to correlate the biometric data obtained from the first
group of viewers with the remembered data, displaying the
presentation to a second group of viewers, obtaining biomet-
ric data from the second group of viewers during the second
displaying step, using the trained system to identify a time of
occurrence of a state of mind of each viewer in the second
group of viewers from the biometric data obtained from the
second group of viewers, and identifying a moment of the
presentation by correlating the time of occurrence of the state
of mind with the presentation. The state of mind is optionally
selected from a group consisting of emotion, positive emo-
tion, negative emotion, simple emotion, primary emotion,
compound emotion, memory, semantic memory, episodic
memory, procedural memory, attention, engagement, brand-
ing, familiarity, liking, confusion, feelings, believability, rel-
evance, persuasiveness, meaning, degree of fit or association
with an anchoring concept such as a brand, and combinations
thereof.

Objects, advantages and novel features, and further scope
of applicability of the present invention will be set forth in
part in the detailed description to follow, taken in conjunction
with the accompanying drawings, and in part will become
apparent to those skilled in the art upon examination of the
following, or may be learned by practice of the invention. The
objects and advantages of the invention may be realized and
attained by means of the instrumentalities and combinations
particularly pointed out in the appended claims.

BRIEF DESCRIPTION OF THE SEVERAL
VIEWS OF THE DRAWINGS

The accompanying drawings, which are incorporated into
and form a part of the specification, illustrate several embodi-
ments of the present invention and, together with the descrip-
tion, serve to explain the principles of the invention. The
drawings are only for the purpose of illustrating embodiments
of the invention and are not to be construed as limiting the
invention. The accompanying figures represent only a partial
listing the ways that data obtained from this communication
improvement system might be displayed.

FIG. 1is aclassification of advertising research techniques
by system and self.

FIG. 2 is a schematic describing a calibration test in accor-
dance with an embodiment of the present invention.

FIG. 3 shows an eye tracking camera being used to help
clarify which specific elements within the frame of the screen
are triggering specific mental reactions such as attention,
memory, emotion, and meaning.

FIG. 4 shows an example of a test that could be performed
on a touch screen.

FIG. 5A shows a method for recognizing and measuring
emotional response using Picture Sorts Flow of Emotion.
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FIG. 5B shows a method for measuring Peak Memory
Formation using Picture Sorts Flow of Attention.

FIG. 5C shows a method for recognizing and measuring
complex and/or compound emotions.

FIG. 5D shows a method for recognizing and measuring
complex and/or compound emotions using a feedback loop.

FIG. 6 is an example of measuring facial response and/or
recognition using a commercially available system.

FIG. 7 shows a comparison of positive (upper curves in
each graph) and negative (lower curves in each graph) emo-
tional responses using Picture Sorts and biometric facial
responses.

FIG. 8 shows a comparison of remembered emotions and
experienced emotions.

FIG. 9 shows an example of mapping complex patterns of
interaction at the human-machine interface for building mod-
els.

FIG. 10 shows examples of advertising research tech-
niques used in embodiments of the present invention.

DETAILED DESCRIPTION OF THE INVENTION

Embodiments of the present invention improve the effec-
tiveness of the communication that occurs at the human-
machine interface by making it possible to teach a machine to
“read” the patterns of eye movements and facial responses
associated with attention, recognition, comprehension, think-
ing, remembering, types of remembering, and any positive or
negative compound emotions associated with static or mov-
ing images that can be measured and studied using the tech-
niques described above in the works of C. Young.

Embodiments of the present invention improve the effec-
tiveness of the communication that occurs at the human-
machine interface by use of a system preferably comprising:
a camera connected to the internet or some other network,
operating in the visible or infrared spectrum, that is used to
track the actions of the eye or face of a human in order to
collect biometric measures (Thinking System 1/Experiencer
Self) of human response; an audience input device connected
to the network, for simultaneously collecting self-reported
picture sort data (System 1/Remembered Self) regarding
measures such as attention, memory, liking, feelings, mean-
ings, or other self-report measures using visual prompts,
using either a touch screen using either a drag-and-drop or
button feature, or a camera capable of reading the intentional
movements of the body, for example, as in reading a “thumbs
up or thumbs down” vote at a distance; and a method for
synchronizing the real time biometric measurements with the
visual stimuli used to collect the picture sort data.

Moreover, since the invention describes a method whereby
a machine can preferably infer probabilistically the state of
mind of its user at any given moment of use, embodiments of
the present invention comprise a training or testing method or
control mechanism utilizing data obtained as described
above, causing the machine to adapt to the human user expe-
rience by changing or optimizing the presentation or sequen-
tial order of the content of information and imagery that
subsequently is presented to the same, similar, or different
human audience.

The following are some elements or steps of the invention,
which may be performed in any order or simultaneously,
though with particular embodiments of the invention not all
of these elements need always be included:

1. Deconstruction of the content (stimulus) appearing on a
screen, such as moving images into a plurality of still images,
blocks of text into component ideas, or static, graphic images
into component visual elements. Each of these elements are
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then scored, e.g. using either picture sorts or ratings or timed
exposures, to collect audience-based or user self-report infor-
mation on criterion measures of response signaling internal
states of mind, including, but not limited to, one or more of
attention, engagement, recall, types of memory (e.g. seman-
tic, episodic, procedural), familiarity, liking, confusion, feel-
ings, believability, relevance, persuasiveness, positive and
negative emotions (primary or simple and compound), mean-
ings, or degree of fit or association with some other anchoring
concept such as a brand.

2. Deconstruction of audience or user eye movements—
such as scanning, fixation, pupil dilation, blink rate, orienta-
tion, etc—and facial musculature patterns (response), either
at particular moments of time or in sequence, associated with
watching the screen based content, either viewed as a whole
frame or a portion of the frame, using a camera or eye-
tracking device attached to the machine. Video of the user’s
eye movements and facial response may be collected
remotely from the camera over the internet or in a physical
location.

3. Synchronization in time of the deconstructed elements
from steps 1 and 2 so that the correspondence, correlation or
probabilistic associations between user’s eye movements and
facial response patterns and the scored screen content can be
determined.

4. Information from steps 1, 2 and 3 may be collected in
many ways, for example from the same audience of users
currently interacting with the screen, from two different audi-
ence samples matched in terms of appropriate audience char-
acteristics such as age, gender, education, culture, location,
behavior or other relevant selection criteria, or from a single
user using an iterative process.

5. Information from the preceding steps can then be used to
teach the machine—e.g. re-program, re-weight or train a neu-
ral net or artificial intelligence program—what various user
eye movements and facial patterns mean in terms of the
inferred user response or internal states of mind, as described
in step 1.

6. Once the machine’s programming has been trained to
recognize a typology of user eye movements and facial
responses to known stimuli, from step 1, the machines pro-
gramming can then preferably identify or predict user states
of mind, from similar eye movements and facial patterns,
based on exposure to new or previously un-scored screen
content. This enhanced predictive ability of the machine’s
artificial intelligence programming can be updated and vali-
dated from time-to-time by repeating the previous steps.

7. Based on previously established parameters of perfor-
mance, such as attention, engagement, liking, remembering,
positive or negative emotional response, comprehension,
communication of intended emotions or meanings, etc., the
machine can then read the user’s eye movements and facial
expressions and change or adapt the new, subsequent or unex-
posed content presented on the screen to optimize and achieve
the desired user experience, state of mind, learning or other
perceptual effects.

8. An alternate use of the information obtained from the
steps 1 thru 6 above is to provide a management control
system for reporting on the effectiveness of screen based
communications, such as can be used in tracking advertising.

9. One method for displaying the reported information in
step 8 is to display a computerized composite “face” or com-
puterized average of the faces associated with various
inferred user mental events, such as the moment of recogni-
tion or the moment of remembering, certain types of emo-
tions, etc.
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10. A variant of this invention is to substitute another
machine that measures human experience in real time for the
eye and face tracking camera described in step 2, such as a
brain wave or EEG machine, or a device for measuring heart
rate or skin conductance, or a machine such as fMRI for
measuring brain activity in terms of spatial location in the
brain. In this variant the self-report, e.g. picture sorting,
deconstruction of remembered experience is used to teach an
artificial intelligence program how to interpret the meaning of
the real time experience measured by the alternate biometric
or neuro-metric device. In this variant step 1, and steps 2 thru
8, preferably remain the same.

An optional validation step may be performed, in which the
camera can record biometric responses during performing the
picture sort task to compare to readings taken prior to the
picture sort task during the real time experience of the content
of step 2.

In one embodiment of the present invention, a video game,
such as an X-box like game, uses a camera as a controller that
responds to the player’s body language. If the camera were
improved to the point of being able to read the player’s face or
even eye movement, the game could be started with a cali-
bration test, in which the player watches an introductory
movie, and then takes a picture sort test about the movie.
Because of the accurate camera, the player could use hands or
thumbs up/thumbs down body movements to answer the pic-
ture sorting questions in a game-like way, so the game could
learn to “read” the player during the game and adjust the
sequence of play activities in the game to the users’ expres-
sions.

FIG. 1 is a classification of advertising research tech-
niques. The right column is what can be measured using the
techniques (such as Picture Sorts) described by Young in the
references disclosed herein. For example, flow of emotion
and flow of meaning can measure a viewer’s remembered
emotions, which can predict the viewer’s motivation and
persuasion, and flow of attention can measure a viewer’s
remembered engagement, memory, and branding. FIG. 10
shows examples of such techniques. Visual peaks plotted
while measuring the flow of attention can be a measure of
short term memory.

Embodiments of the present invention described herein
combine and correlate the top row quadrants of FIG. 1, i.e.
System 1/Experience measurements with System 1/Remem-
bered measurements. System 1 Thinking corresponds to pre-
conscious or subconscious thoughts, and thus data can be
obtained without asking any questions. The viewer typically
is just shown pictures and doesn’t have to think.

FIG. 2 is a schematic describing a calibration test. The
machine biometrically reads, for example, eyes, faces, or
gestures while a viewer sees an image or video, and is trained
using feedback to correlate the biometric data with what the
viewer’s primary or compound emotion was when the viewer
viewed the image, as self reported and/or as measured by
Picture Sorts related techniques, such as Flow of Emotion. In
another example, eye tracking can be correlated with flow of
attention for determining memory (typically memory is acti-
vated only when the eye is fixated, not scanning). Once train-
ing is performed on a sample of viewers, which can be as
small as twenty viewers, then, the trained system can recog-
nize primary and compound emotions in other audiences
passively using eye tracking, pupil dilation, facial recogni-
tion, IMRI (or other brainwave measurement), or other bio-
metric measures without having to ask the viewer any ques-
tions. The system could thus, for example, automatically
determine the most memorable moment of a presentation
such as an advertisement.
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As shown in FIG. 3, the eye tracking camera (or other
biometric data acquisition device) can be used to help clarify
which specific elements within the frame of the screen are
triggering specific mental reactions such as attention,
memory, emotion, and meaning.

FIG. 4 shows an example of a test that could be performed
on a touch screen computer, tablet, pad, mobile phone, or
other device. The camera may record facial and eye responses
both when the viewer first sees the video stimulus and also
while performing the picture sorts Task afterward, in order to
provide an extra calibration step.

FIGS. 5C and 5D show different methods for recognizing
and measuring complex and/or compound emotions, using
emotional response as measured by biometrics (equivalent to
that measured using Picture Sorts Flow of Emotion, as shown
in FIG. 5A) and Peak Memory Formation measured by, for
example, eyetracking eye fixation (equivalent to that mea-
sured using Picture Sorts Flow of Attention, as shown in FIG.
5B).

FIG. 6 is an example of measuring facial response and/or
recognition (preferably online) using a commercially avail-
able system, for example Realeyes, Sands Research (brain-
waves ), Innerscope (biometrics), or Eye Track Shop, that may
use a mix of 2D and 3D mathematical models for tracking
head pose, eyes, and mouth. While Realeyes produces two
measures of response, Binary (on/off—Is an emotion regis-
tering on the face?) and Intensity (How strongly is the emo-
tion registering?), the latter measure has been found to be the
best fit with self-reported or remembered emotion.

FIG. 7 shows a comparison of positive (upper curves in
each graph) and negative (lower curves in each graph) emo-
tional response using Picture Sorts and biometric facial
response.

FIG. 8 shows a comparison of remembered emotions and
experienced emotions (i.e. the difference between what a
viewer experiences and what the viewer remembers). Expe-
rienced emotions can be measured biometrically, while
remembered emotions can be measured using Picture Sorts.
These graphs can be produces for any emotion, for example
“surprise”, not just “happy”.

FIG. 9 shows an example of mapping complex patterns of
interaction at the human-machine interface for building mod-
els.

Embodiments of the present invention are useful for many
fields such as communication, entertainment, advertising,
teaching, education, and sales. In one embodiment, a machine
of the present invention can recognize a viewer’s emotions
during a presentation, for example an advertisement, and
change the content delivery of the presentation based on those
emotions, thereby increasing the viewer’s engagement with
the presentation. For example, the ending of a movie could be
changes, or the method of advertising can be adjusted (e.g.
hard sell vs. soft sell).

An embodiment of the present invention is an automated
system for detecting and/or predicting memory formation in
audiences for mass communications by correlating the ability
to detect or predict the most memorable moments or elements
of a piece of communication from the methods related to
Picture Sorts, which require the active participation of mem-
bers of an audience to self report data on their internal states
of'mind, to a passive system, requiring no audience self report
participation, for predicting memory formation by leveraging
biometric technology. The Picture Sorts techniques “train” or
“optimize” software algorithms and camera hardware that are
used to transform the camera recordings of eye tracks and
facial expressions into meaningful audience response mea-
surements. This new automated system for predicting, or
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inferring, audience memory formation has potential useful
applications that include advertising audience response mea-
surement and automated teaching or training tools.

The following elements are included in the applications of
the invention to specific technologies or as feedback loops for
training and optimizing certain genres of predictive software
and hardware, though not all of the following need be
included in any particular embodiment.

Peak moments of audience engagement with moving
images, such as video or film, can be identified by picture
sorting a test sample of the audience and correlating this self
report data with camera recordings of the rates or duration of
eye fixation as the eye scans the moving pictures in order to
identify the patterns most predictive of the most memorable
moments of the video or film. Self report data obtained from
the Flow of Attention provides the feedback data for optimiz-
ing software or future camera hardware designs to predict the
memorable moments in audience response to moving images.

A similar approach to predicting the memorable part or
subset of a static image is to substitute the timed exposure
method described in the above references for using self report
data to analyze audience response to static images for the
Flow of Attention picture sort method described therein for
use with moving images, as the feedback data for optimizing
the camera based memory prediction.

Long term peak memories can be distinguished from tran-
sient short term memorable moments in video (as described
in the book Branded Memory) by adding picture sorts data of
self-reported emotional response, either positive or negative
in valence, taken from a sample audience and correlating with
the moments predicted by camera-based eye tracking tech-
nology to be predictive of memorability, and refining the
algorithmic prediction by layering in the camera based infor-
mation on facial response. Self report data from the Flow of
Emotion provides the step for emotional weighting of the
software’s prediction algorithm.

An alternative approach to refining the memory predictions
is to substitute brain wave data or other biometric measure-
ments that have been calibrated using the short term memory
test of the Flow of Attention Picture Sort into the software
optimization step.

A further feedback step for optimizing the camera based
prediction of memory is to identify the meaning or meanings
associated by the test audience with particular images in the
flow of images or particular elements in a static image, using
the Flow of Meaning and correlating this data with the par-
ticular facial expressions recorded when the audience is
focused or fixated on these moments or elements of the entire
communication. Alternatively, brain scan information for the
part of the brain being activated in memory formation, e.g.
semantic versus episodic versus procedural memories, can be
substituted for ascribing certain types of “meanings” to the
memories being formed. The self-report data provided by the
Flow of Meaning is preferably used to calibrate or validate the
brain scan data.

Although the invention has been described in detail with
particular reference to these disclosed embodiments, other
embodiments can achieve the same results. Variations and
modifications of the present invention will be obvious to those
skilled in the art and it is intended to cover in the appended
claims all such modifications and equivalents. The entire
disclosures of all references, applications, patents, and pub-
lications cited above are hereby incorporated by reference.

What is claimed is:

1. A method foridentifying a moment of a presentation, the
method comprising:

displaying a presentation to a plurality of viewers;
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obtaining biometric data from the plurality of viewers dur-

ing the displaying step;

showing selections from the presentation to the viewers

after the displaying step;

collecting self-reported responses by each viewer regard-

ing the viewer’s memory of what the viewer’s state of
mind was when the viewer viewed each selection of the
presentation during the displaying step;

synchronizing the biometric data and the self-reported

responses with the content of the presentation;
training a system to correlate the biometric data obtained
from the plurality of viewers with the self-reported
responses obtained from the plurality of viewers;

subsequently displaying the presentation to a subsequent
viewer;

obtaining biometric data from the subsequent viewer dur-

ing the step of displaying the presentation to the subse-
quent viewer;
identifying a time of occurrence of a state of mind of the
subsequent viewer from the biometric data obtained
from the subsequent viewer using the trained system;

and identifying a moment of the presentation by correlat-
ing the time of occurrence of the state of mind with the
presentation.

2. The method of claim 1 wherein the state of mind is
selected from a group consisting of emotion, positive emo-
tion, negative emotion, simple emotion, primary emotion,
compound emotion, memory, semantic memory, episodic
memory, procedural memory, attention, engagement, brand-
ing, familiarity, liking, confusion, feelings, believability, rel-
evance, persuasiveness, meaning, degree of fit or association
with an anchoring concept such as a brand, and combinations
thereof.
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3. The method of claim 1 wherein the step of obtaining
biometric data from the plurality of viewers comprises using
a device selected from the group consisting of a brain wave
machine, an EEG machine, a device for measuring heart rate,
a device for measuring skin conductance, an {MRI machine,
and a camera operating in the visible or infrared spectrum for
tracking pupil dilation and/or the movements of eyes and/or
facial muscles of the viewers.

4. The method of claim 1 wherein the step of obtaining
biometric data from the subsequent viewer comprises using a
device selected from the group consisting of a brain wave
machine, an EEG machine, a device for measuring heart rate,
a device for measuring skin conductance, an {MRI machine,
and a camera operating in the visible or infrared spectrum for
tracking pupil dilation and/or the movements of eyes and/or
facial muscles of the viewers.

5. The method of claim 1 further comprising changing the
content of the presentation shown to a viewer based on the
biometric data obtained from that viewer while the presenta-
tion is being displayed to the viewer.

6. The method of claim 1 further comprising optimizing the
presentation shown to a viewer with respect to a desired user
experience, state of mind, learning or other perceptual effect
based on the biometric data obtained from that viewer while
the presentation is being displayed to the viewer.

7. The method of claim 1 wherein the system comprises a
neural network or artificial intelligence system.

8. The method of claim 1 further comprising performing
facial recognition of one of the plurality of viewers or the
subsequent viewer.



